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Z. | undecidable

On Optimal Timed Strategies, T. Brihaye, V. Bruyére and J.-F. Raskin, 2005, FORMATS

Adding Negative Prices to Priced Timed Games, T. Brihaye, G. Geeraerts, S. Krishna, L. Manasa, B. Monmege, and
A. Trivedi, 2014, CONCUR
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On Short Paths Interdiction Problems: Total and Node-Wise Limited Interdiction, L. Khachiyan, E. Boros, K. Borys, K.
Elbassioni, V. Gurvich, G. Rudolf, and J. Zhao, 2008, Theory of Computing Systems

Pseudopolynomial iterative algorithm to solve total-payoff games and min-cost reachability games., T. Brihaye, G.
Geeraerts, A. Haddad, and B. Monmege, 2017, Acta Informatica
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Almost optimal strategies in one clock priced timed games, P. Bouyer, K. Larsen, N. Markey, and J. Rasmussen,
2006, FSTTCS

Two-Player Reachability-Price Games on Single Clock Timed Automata., M. Rutkowski, 2011, QAPL
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Property of divergence

All SCCs of the WTG contain only
cycles with a weight < —1 or > 1

PSPACE lower bound

The deterministic value problem is
PSPACE-hard for 1-clock WTG

One-Clock Priced Timed Games are PSPACE-hard., J. Fearnley, R. Ibsen-Jensen, and R. Savani, 2020, LICS
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Deciding if dVal(c) < A ?

WTG 0-clock divergent | 1-clock
N undecidable PTIME EXPTIME EXPTIME
7 undecidable | pseudo-polynomial EXPTIME k's
Property of divergence PSPACE lower bound
All SCCs of the WTG contain only The deterministic value problem is
cycles with a weight < —1 or > 1 PSPACE-hard for 1-clock WTG

Theorem (CONCUR22): the problem is decidable for 1-clock WTG
¢ — Val(c) is computable in exponential time
» Back-time algorithm: compute ¢ — Val(c) from x =1to0 0
> Value iteration algorithm: deterministic value is a fixed point of a given operator
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» hardness
> easiness: encoding the fixed-§ semantics into excess one
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